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Peri-event time histogram of neuron 1 with reward
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Spectrogram [.] FLATIRON
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Cross-correlogram (neuron 0 vs neuron 1)
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Additional functions

- Fourier transform and power spectral density

nap.compute fft nap.compute power spectral density

nap.compute mean power spectral density

- Creating trial-based tensors (and linear trial time warping)

nap.build tensor nap.warp tensor

- Randomization of timestamps

nap.shift timestamps nap.shuffle ts intervals
nap.jitter timestamps nap.resample timestamps

- Interspike interval distributions

nap.compute isi distribution

- LFP oscillatory event detections
nap.filtering.detect oscillatory events (in the future will be nap.detect oscillatory events)
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